Badger: Complexity Analysis with
Fuzzing and Symbolic Execution
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Problem Contribution Overview
- combine fuzzing and symbolic fuzzer and symbolic execution

Algorithmic complexity analysis
enables developers to reason about
their programs, understand perfor-
mance bottlenecks, and reveal worst-
case complexity vulnerabilities.
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git clone https://github.com/isstac/badger.git yannic.noller@hu-berlin.de




